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Impact of college students’ collective learning behavior on learning outcomes
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Abstract: College students’ learning and living are deeply integrated with social media network in the Web2. 0
era forming a complicated student learning network. By building a learning network for an operation system course
of Information Management and Information System program at Nanjing University of Posts and Telecommunications
this paper focuses on the impact of behavior on learning outcomes from the perspective of social network analysis
analyzing the factors of “network density’  ‘participation frequency  “subgroup” and “isolation”. The research
shows that the learning network structure has an influencing effect on the learning outcomes: the more frequent
communication the better outcome. For the individual students the communication activity depends on the indi-
vidual students’ expected benefits: the top students are less active for the low expectation; the medium-eveled
students are most active; poor students tend to be isolated. To improve the overall leaning outcomes top students
should be encouraged to participate more in the communication of the leaning network and poor students need indi—
vidualized tutoring.

Key words: group learning; social network analysis; collective behavior (R LT



