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Application of Latent Profile Analysis in Distinguish Depressive Patients
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Abstract: Objective: To explore emotional priming predicts depression patients using emotional priming paradigm. Method: 35 depression

patients and 35 normal subjects completed 6 kinds of conditions of the experimental task using the latent profile analysis and logistic re—

gression analysis analyze six kinds of conditions data. Result: There are significant differences on correct number and response time in

six conditions the reaction time of depression patients latent profile analysis can predicts real results with high consistency. Conclusion:

Latent profile analysis can distinguish the normal group and the depression group patients very well it provide a new approach for the i—

dentification of normal subjects and patients with depression.
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