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Intuitionistic Fuzzy Multi-criteria Decision-making Approach Based on Prospect Score Function
WU Chong, LIU Qian, WAN Xiang-yu
(School of Management, Harbin Institute of Technology, Harbin 150001, China)

Abstract: Intuitionistic fuzzy multi-criteria decision-making approach with unknown weight is
investigated. A new score function is defined based on membership degree, non-membership degree and
hesitancy degree. As for intuitionistic fuzzy multi-criteria decision-making problems in which criteria
weights is unknown, an intuitionistic fuzzy multi-criteria decision-making approach is proposed based on
the prospect score function and entropy-weighted method. Finally, an illustrative example is given to show
the feasibility and effectiveness of this approach.

Key words: intuitionistic fuzzy set; multi-criteria decision-making; prospect score function; entropy-

weighted method



