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Application of Association Rules toAutomobile Sales

Liu Fei
School of Software Engineering of Tongji Univ.Shanghai

Abstract This paper describes the mining association rules and the FP-tree algorithm.Based on FP-tree algorithm the algorithm is
implemented to the application by using tool Microsoft 2010 with C # language.And then Use thisapplication to mine an automobile sales
database in order to obtain useful association rules.According to the results obtained by the program it proves that the resulting rules

are valid by using lift.
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