30 1 Vol. 30 No. 1

2013 1 Application Research of Computers Jan. 2013
%
( 330031)
— ( OASEDA)
K-means
TP301. 6; TP391 DA 1001-3695(2013) 01-0099-04

doi: 10. 3969/j. issn. 1001-3695. 2013. 01. 023

Object-attribute subspace with sparse feature edges detection

ZHU Qin CHEN Hua
( Dept. of Management Science & Engineering Nanchang University Nanchang 330031 China)

Abstract: The overlapped regions among the identified objects-atiributes subspaces by the traditional algorithm could influ—
ence the independence of these subspaces. In order to solve this defect this paper developed the objects-attributes subspace ed—
ges detection algorithm( OASEDA) based on K-means. It designed the objective function of edge detection algorithm with the
information of within-eluster and between—eluster and optimized the objective function by the weight theory. In the end ex—
perimental results on synthetic datasets demonstrate that the accuracy of the proposed algorithm.
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