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Volatility Spillover Analysis on the Financial

Market Based on the High Frequency Data
ZHANG Rutfeng, WANG Tong-san

(Institute o f Quantitative & Technical Economics, Chinese Academy of Social Sciences 100732, China)

Abstract ;iming at the high frequency data in the financial markets, based on the study of Re-

alized Volatility and Realized covariance, the Structural change of Realized volatility has been in-

troduced, and the correlation coefficient of" realized' volatility for the grading data has been cal-

culated, then volatility spillover in the financial markets has been studied through testing whether

the correlation coefficient of Realized volatility has significant changes around the structure point,

and conducts the empirical analysis.
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